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Abstract: With the rapid progress of precision medical technology , the segmentation of lesion regions in PET/CT im-
ages has played an important role in the development of medical plans. PET/CT combines two advanced imaging technolo-
gies organically : PET ( functional metabolic imaging) and CT ( anatomical structure imaging) , which is an important pro-
gress in image diagnostics. Combined with the segmentation methods, this paper describes the characteristics of PET/CT im-
ages, the analysis of the current methods and the clinical application. Finally, the paper elaborates the development trend of
PET/CT image segmentation technology.
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